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International openness may affect firm productivity through various channels.
International trade is a first obvious channel of technology transfer, in particular through imports of intermediate products and capital equipment (Markusen, 1989; Grossman and Helpman, 1991; Feenstra, Markusen and Zeile, 1992) and exports 1 According to the World Bank, SEE includes 3 low middle income countries (Albania, BosniaHerzegovina and Macedonia), 4 up middle income countries (Bulgaria, Croatia, Roumania and Serbia-Montenegro) and one high income country (Slovenia).
2 Authors' calculations using data from the World Development Indicators (World Bank). If we drop Slovenia, the highest income country in SEE, the average GDP per capita falls to about 2,400 constant 2000 US$.
3 As of January 2008, all SEE countries are WTO members except Bosnia-Herzegovina and Serbia-Montenegro which are under negotiation as "observer governments". For more details see Table 8 in Appendix and http://www.wto.org.
4 Slovenia joined the EU the 1st of May 2004 and adopted the euro the 1st of January 2007. Bulgaria and Romania joined the EU the 1st of January 2007, after the establishment of cooperation and association agreements aimed at creating a free trade area. The other SEE countries signed Stabilization and Association agreements with the EU since 2001 except Bosnia-Herzegovina and Serbia-Montenegro which are still under negotiation. They are official (Croatia and Macedonia) or potential (Albania, Bosnia-Herzegovina and Serbia-Montenegro) candidate member states.
5 A regional economic integration process has emerged within the framework of the Central European Free Trade Agreement (CEFTA) and various bilateral trade agreements entered in force at the beginning of the 2000s. For more details see Table 9 in appendix and the list of trade agreements notified to the GATT/WTO: http://www.wto.org/english/tratop_e/region_e/summary_e.xls.
into industrial countries (Clerides et al., 1998) . In both cases the geographic destination of trade flows is extremely important. Firms exporting to advanced markets can learn more due to the higher quality, technical, safety and other standard requirements as well as tougher competition (and lower markups). Similarly, firms importing capital and intermediate inputs from more advanced markets have to meet according technical standards to use the advanced western technology. Hence, higher propensity to trade with more advanced countries may obviously result in higher level of productivity and faster total factor productivity (hereafter TFP) growth.
The microeconomics of transition offers rather mixed evidence about the role of international trade as a determinant of firm productivity growth. Djankov and Hoekman (1998) investigate the initial post-reform period in Bulgaria.
They find that exports and imports are important sources of TFP growth at the level of the firm. However, they do not control for the self-selection of the most productive firms in international trade. Controlling for selection sample, Halpern et al. (2005) find that imports have a statistically significant and large effect on firm productivity in Hungary over the period [1992] [1993] [1994] [1995] [1996] [1997] [1998] [1999] [2000] [2001] [2002] [2003] . In the export side, a robust evidence is the self-selection of the most productive firms in export markets.
6 Less conclusive is the learning-by-exporting effect. The study of a panel of Slovenian firms from 1994 to 2000 offers a striking controversy. De Loecker (2006) documents that firms learn from exporting. However, Damijan and Kostevc (2006) qualify this result. They find that productivity improvements, although present, are far from permanent and tend to dissipate shortly after initial entry on the export market.
A second obvious channel of external knowledge spillovers is the form of ownership, foreign vs. domestic. An exhaustive line of research has been conducted on different effects of foreign ownership on firm performance. Firms that are foreign owned are expected to be better managed and governed, to have access to up-to-date technology and business links of the parent firm. All this taken together may result in higher performance of foreign owned firms in terms of higher level and growth of productivity and higher wages. However, the literature highlights that the presence 6 See Greenaway and Kneller (2007) for a comprehensive survey.
of foreign owned firms may also generate adverse effects by driving domestic firms out of the market.
A bunch of empirical studies on transition economies address the question of the performance of foreign vs. domestic ownership and document mixed evidence.
Foreign investment has a positive impact on TFP growth of recipient firms in the initial post-reform period in Czech Republic (1992-96: Djankov and Hoekman, 2000; 1994 -98: Damijan et al., 2003 ), Poland (1993 -97: Konings, 2000 1994 -98: Damijan et al., 2003 as well as in Estonia and Slovenia (Damijan et al., 2003) . These findings are robust to corrections for the sample selection bias that arises because foreign investors tend to invest in domestic firms with above-average productivity.
However, foreign firms do not seem to perform better than domestic firms in Bulgaria (Konings, 2000; Damijan et al., 2003) , Hungary and Slovakia (Damijan et al., 2003) .
Romania even offers conflicting results: no effect in Konings (2000) and a positive one in Damijan et al. (2003) . Evidence of spillovers of foreign affiliates to other firms within industries (horizontal spillovers) and across industries (vertical spillovers) is ambiguous. The literature in transition economies finds no or negative horizontal spillovers (Djankov and Hoekman, 2000; Konings, 2000; Damijan et al., 2003) due to a competition effect which drives local firms out of the market. In contrast, recent papers find convincing evidence of positive vertical spillovers (Schoors and van der Tol, 2002; Javorcik, 2004; Merlevede and Schoors, 2006; Gorodnichenko et al., 2007) . (Konings, 2000) .
We do not find a clear link between international openness and firm performance.
The effects vary across countries and channels. Considering the trade channel, we find in Slovenia and Romania that exporting to advanced countries provides larger learning effects than exporting to less advanced markets. In Bulgaria, we find that positive spillovers from exporting to the advanced EU-15 markets benefit only firms with higher absorptive capacity. In Croatia, positive spillovers for firms with higher absorptive capacity stem from the rest of OECD countries, but not from the EU-15
countries. On the other hand, exporting to less competitive markets of ex-Yugoslavia seems to affect negatively the productivity growth of firms in Bulgaria, Croatia and Romania. Similar results are found for importing links.
Considering the FDI channel, we also find contrasting results on the impact on foreign ownership on TFP growth. Four out of six countries (Bosnia-Herzegovina, Croatia, Romania and Slovenia) experience faster TFP growth in foreign owned firms, despite a documented selection process in FDI decisions. It seems that after restructuring foreign owned firms have improved their TFP at a much faster rate than purely domestic owned firms. However, in Bulgaria and Macedonia, no significant robust difference on TFP growth has been found between domestic and foreign ownership.
The remainder of the article is organized as follows. We first present our data sets and provide basic descriptive statistics (Section 2). Then, we discuss the empirical model and the methodology (Section 3). Finally, we report the results and summarize the findings (Section 4). 3 Empirical model and methodology
Modeling impact of trade and FDI effects on firm performance
In this subsection we estimate the impact of external sources of technology transfer, such as foreign ownership and trade flows, on productivity growth of SEE firms. We use the standard growth accounting approach that is typically used in this sort of analysis. Production function is being used to measure the importance of knowledge spillovers for individual firm. In this model, value added Y of each firm i at time t takes on the following form:
where K it , L it , and T it are the capital stock, the number of employees and technology (knowledge), respectively. The production function is homogenous of degree r in K and L, so long as it has non-constant returns to scale (α + β = 1).
Differentiating equation (1) with respect to time, we get: where k, l and τ indicate the logarithmic growth rate of K, L, and T , respectively. α, β, and γ represent the elasticity of output with respect to k, l and τ . The basic idea underlying equation (2) is that an individual firm can increase its productivity also by relying on external sources of knowledge spillovers. By assumption, technology growth τ is a function of ownership F i and various knowledge spillover effects Z jt :
Where Z jt includes the potential home market spillovers SecSize jt , as well as foreign knowledge spillovers from exporting X jt and importing M jt . The home market spillovers are related to economies of scale proxied by the log of value added at the NACE 2-digit sector j level. Foreign trade spillovers are measured as shares of regional exports and imports at the sector j level. that larger learning effects are associated with higher exports shares to more developed markets (EU-15 and other OECD countries) since a higher quality of goods is required for exporting to more competitive markets. Similarly, importing higher shares of goods from more competitive markets provides higher learning effects for local firms due to the latest technology and intermediates that can be purchased in advanced countries.
Finally, we estimate the following regression model:
where φ indicates time specific effects which capture the time specific economic shocks typical for each country under investigation. In addition, we also include χ jt , that indicates time and sector specific (T t * S j ) effects, which capture the effects of the actual evolution of sector specific institutional improvements in each country.
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u it is the error term and
are regional export and import shares.
Econometric issues
Estimating (4) poses at least two econometric problems that can potentially lead to seriously biased estimations of the estimated coefficients. First problem arises due to possible non-random selection process of firms into exporting as well as into their foreign ownership status. The second problem typically arises in growth accounting approach where output and inputs are simultaneously determined. We have to deal with both issues in order to get robust and reliable estimations of our coefficients of interest.
Correction for selection bias
In this approach there are two potential sources of selection bias. The first bias stems from the fact that only the most productive firms start exporting. This selfselection issue is well documented in the literature since the seminal work of Bernard and Jensen (1995), Clerides et al. (1998) or Roberts and Tybout (1997) . The newer strand of literature also documents that due to the required higher productivity threshold only the most productive firms exports towards many markets (see Eaton, Kortum and Kramarz, 2004; Bernard, Jensen and Schott, 2007) and towards more competitive markets. 10 Ideally, in our attempt to estimate the impact of trade liberalisation on firm performance in SEE firms we would be able to control for this self-selection of more productive firms into exports and more specifically into exports towards more competitive markets. This would allow us to disentangle the pure learning-by-exporting and learning-by-importing effects from the selection issue. Unfortunately, in our datasets we do not dispose with the information on firm exports status, not to speak of the information on firm export destinations.
There is little therefore one can do about this selection issue. What we can do, however, is to control for possible amplified effects of trade liberalisation in firms with higher absorptive capacity, which is typically higher for more productive firms.
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Firm's absorptive capacity is usually measured by firm's skill intensity measured by labour costs per employee. Based on this, we control for amplified effects of trade liberalisation in firms with higher absorptive capacity by introducing the interaction terms of firm specific skill intensity with the sector and region specific export and import shares. Hence, we estimate the following regression model:
where w it stands for firm's average skill intensity. Estimating equation (5) will enable us to check whether exporting to (importing from) different regions (EU-15, other OECD countries, ex-Yugoslav markets) has a differential effect on firms with higher absorptive capacity than on firms with lower absorptive capacity.
The second potential bias arises due to the fact that firms that are foreign owned were not acquired randomly by their parent companies but according to some selection process. This selection may be correlated with firm characteristics which introduces additional bias in our empirical model. This study deals with this selection problem using the two-step method proposed by Heckman (1979 11 The literature on spillover effects from FDI documents that firms with higher absorptive capacity may benefit more from FDI spillovers (see Damijan et al., 2003 , 2008 and Javorcik, 2004 .
12 Another approach to deal with the endogeneity of foreign ownership is the propensity score matching (see e.g. Arnold and Javorcik, 2004) . In a related study, Damijan et al. (2008) make use of a propensity score approach as a robustness check on estimations with Heckman correction, but obtain quite similar results both in terms of magnitude and significance of the estimates.
Heckman procedure, the bias that results from using non-randomly selected samples is dealt with as an ordinary specification bias arising due to omitted variables problem. 13 Heckman proposes to use estimated values of the omitted variables (which when omitted from the model give rise to the specification error) as regressors in the basic model. Hence, in the first step we account for the probability p i [0, 1] that a firm's selection for FDI is conditional on its initial structural characteristics before the take over. The following probit equation has been estimated:
where i and j (i = 1, ..., n, j = 1, ..., m) are indicating individual foreign and domestic firm, respectively. The error terms are assumed to be IID and normally distributed, thus S(·) is a cumulative distribution function of the standard normal distribution. X i, jt 0 is a matrix of firms' structural characteristics in the initial year t 0 . These are the firm size measured by the number of employees (Employment), the capital to labor ratio (K/L-ratio), the value added by employee (VA/employment), the skill intensity measured by labour costs per employee (Skill Intensity) and economies of scale at the NACE two-digit sector j level (SecSize). Due to data limitation on ownership changes within the observed period, we are forced to assume unchanged ownership over the whole period for all of the countries with the exception of Slovenia, whereby we took firms' structural characteristics in the first year of our sample as their initial characteristics. In order to avoid autocorrelation, the first year of observation is then excluded from the second stage estimations.
14 Results, reported in Table 4 , indicate some selection process in FDI decisions by parent foreign companies. Foreign parent companies seem to select smaller firms in SEE countries (significant for BIH, ROM and SVN) as well as less initially productive (not true for ROM) and less capital and skill intensive firms.
Based on these probit results, the so-called inverse Mill's ratio, λ i , for all observations (for non-zero as well as zero observations regarding foreign investment 13 The problem of sample selection bias has been extensively dealt with in the econometric literature. See for instance Amemiya (1984) and Wooldridge (2002) for excellent surveys of the literature and correction methods.
14 Note that by construction the firm's characteristics that enter the second stage, i.e. the main empirical model, are not correlated with the firm's characteristics in the first (Heckman) stage as the initial year data does not enter the main empirical estimations. 
Dealing with the simultaneity problem
To see how inputs and output are simultaneously determined and how this creates serial correlation in our regression model, one can rewrite (4) by decomposing the error term u it :
where τ it is a productivity shock that depends on various knowledge spillovers factors described above. Of the error components, η i is an unobserved firm-specific effect, ν it is an autoregressive (productivity) shock, and m it represents serially uncorrelated measurement errors. Note that both labor (l it ) and capital (k it ) are po-tentially correlated with firm-specific effects (η i ) as well as with both productivity shocks (ν it ) and measurement errors (m it ).
When estimating growth accounting model, one should take into account the inherent endogenous structure of the model. This means that not only present and lagged dependent variables are correlated, but lagged dependent variable (value added) might be correlated with present independent variables (inputs); i.e. past performance determines demand for inputs in the present period. This creates serial correlation between the inputs and the error term on right hand side of (7) that is captured by the autoregressive productivity shock, which shows up in econometric estimations as AR (1) autoregressive process of the error term. This should be explicitly controlled for in econometric estimations. In order to deal with this simultaneity problem one has to estimate dynamic version of (7). The time dimension of panel data enables us to capture the dynamics of adjustment by inclusion of lagged dependent as well as lagged independent variables. A dynamic version of the growth model (7) can then be written as:
The OLS estimator is unbiased and consistent when all explanatory variables are exogenous and are uncorrelated with the individual specific effects. This, however, is not the case in our model, which includes lagged variables. One can show that the OLS estimator will be seriously biased due to correlation of the lagged dependent variable with the individual specific effects as well as with the independent variables. This is due to the fact that y it is a function of η i in (8), and then y i,t−1 is also a function of η i . As a consequence, y i,t−1 is correlated with the error term, which renders the OLS estimator biased and inconsistent, even if the ν it and m it in (8) are not serially correlated. This holds also whether the individual effects are considered fixed or random (see Hsiao, 1986 , Baltagi, 1995 , Wooldridge, 2002 .
There are several ways of controlling for the unobserved heterogeneity and simultaneity. One way is to include exogenous variables into the first-order autoregressive process. This, in turn, reduces the bias in the OLS estimator, but its magnitude still remains positive. Another way of controlling for the simultaneity is apply the Anderson-Hsiao instrumental variable approach. We may first-differentiate our model (7) in order to eliminate η i , which is the source of the bias in the OLS estimator. Then we may take the second lag of the level (y i,t−2 ) and the first difference of this second lag (∆y i,t−2 ) as possible instruments for (∆y i,t−1 ), since both are correlated with it (∆y i,t−1 = y i,t−1 − y i,t−2 ) but uncorrelated with the error term (∆u it = u it − u i,t−1 ). This approach, though consistent, is not efficient since it does not take into account all the available moment conditions (i.e. restrictions on the covariances between regressors and the error term).
Hence, a natural approach that allows for controlling for the unobserved heterogeneity and simultaneity in (8) is the application of GMM (general method of moments) estimators. As shown by Bond (1991, 1998) , Arellano and Bover (1995) and Bond (1998, 1999) , an application of the system GMM estimators is a more appropriate approach to dynamic panel data than using difference GMM estimators. Our model will be estimated in first differences in order to obtain estimates of coefficients on growth performance of firms as well as to eliminate unobserved firm-specific effects. Since lagged level instruments used in the difference GMM approach are shown to be weak instruments for first-differenced equation, we apply the system GMM approach, which in addition to lagged levels uses also lagged first-differences as instruments for equations in levels. As our model is estimated in first differences, corresponding instruments for (∆x i,t−3 ) are (x i,t−1 ) and (∆x i,t−1 ) (where x stands generally for all included variables), and so on for higher time periods. This allows for a larger set of lagged levels and first-differences instruments and therefore to exploit fully all of the available moment conditions. Hence, the system GMM approach maximizes both the consistency as well as the efficiency of the applied estimator.
There are other ways of dealing efficiently with simultaneity problem, such as Olley-Pakes (1996) and Levinsohn-Petrin (2003) approaches. A drawback, however, of these approaches, including the system GMM, is that they are computationally very expensive. They also require good quality and long time series of data on inputs and output. In our case, we are dealing with less advanced transition countries where both the quality of datasets as well as availability of long time series is not warranted.
For instance, we face very poor availability of data for Bosnia-Herzegovina and Macedonia (only three years of observations), while for the other four countries data series are longer. The quality of data in terms of the persistency of series is however quite poor. We can observe extremely large changes of value added, labor and value added per employee in the early years of our sample, while in the second part of our sample period the changes become more moderate. This is due to the transition process, characterized by an initial huge drop in economic activity and a fast recovery afterwards. Thus, the lack of persistency makes GMM estimations less efficient as even lagged levels are poor instruments for the model estimated in levels. Accordingly, we have to limit our econometric efforts to the availability of data. We will therefore first estimate our empirical model (7) in log first differences (i.e. growth rates) to obtain estimates of coefficients on firm's TFP growth as well as to eliminate firm fixed effects (η i ), which is the source of bias in the OLS estimator.
This will give us the benchmark estimates. In addition, we will run GMM estimates for the countries where the length of the time series makes this approach reasonable.
Results
We now provide estimates of the impact of foreign ownership and trade liberalisation on firm performance in SEE firms, using both first differences (section 4.1) and GMM estimations (section 4.2).
Results with first differences estimation
Availability of data for imports is smaller than for exports. We therefore present results for the model first with exports shares only (Table 5 ) and then with export and imports shares (Table 6 ). In Table 5 , we also report results with and without controlling for absorptive capacity. 16 As we are regressing growth rate of value added on the growth rate of inputs, we can interpret the results in terms of the contribution of different factors to the growth of TFP.
Results presented in Table 5 show for three countries (Bosnia-Herzegovina, Romania and Slovenia) faster TFP growth in foreign owned firms as compared to purely domestic owned firms. Despite some selection process of foreign ownership, documented in Table 4 , these results suggest that after restructuring foreign owned firms improve their TFP at a much faster rate than purely domestic owned firms.
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However, in Bulgaria and Croatia, we do not observe such a significant differential impact between foreign and domestic owned firms on TFP growth. The coefficient on foreign ownership is significant at 20 per cent only.
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In terms of the impact of export propensity to different regional markets, we find that in Romania and Slovenia the higher propensity to export to advanced markets (EU-15, rest of OECD countries) has a larger impact on TFP growth than exporting to less advanced markets such as new EU member states and countries of former Yugoslavia. In Bulgaria the positive spillovers from exporting to advanced EU-15 markets benefit only firms with higher absorptive capacity, while in Croatia these positive spillovers for firms with higher absorptive capacity stem from the rest of OECD countries, but not from the EU-15 countries. On the other side, relying on exporting to less competitive markets of ex-Yugoslavia seem to affect negatively the productivity growth of firms in Bulgaria, Croatia and Romania. Note that in Romania the spillovers from exporting to markets of ex-Yugoslavia is less negative for firms with higher absorptive capacity. Based on this, one can conclude that exporting to advanced market provides much larger learning effects for a typical firm than exporting to less advanced markets. Furthermore, relying on exporting to less competitive markets may even generate negative spillovers for TFP growth.
In Table 6 , we include the imports shares into our empirical model without altering our results on export shares substantially. In most countries the significant impact of exports to more competitive markets on firms' TFP growth remains preserved as well as the negative impact of export reliance on ex-Yugoslav markets. It is 17 A similar pattern is found in Indonesia, where foreign ownership leads to significant productivity improvements in the acquired plants (Arnold and Javorcik, 2005) . The rise in productivity is also found to be the result of restructuring.
18 We do not elaborate on the estimates for Macedonia. They are all insignificant and less reliable due to the small sample size and the a lack of degrees of freedom. only for Slovenia, where exports shares become generally insignificant after including the import shares into the empirical model.
The role of imports follows a similar path as exporting. Importing from the advanced EU and OECD countries is highly important for firms in Romania and Slovenia. At the same time, for firms in Bulgaria and Romania importing from countries of former Yugoslavia provides a dominant learning effect. In contrast, for
Croatian firms with higher absorptive capacity importing from ex-Yugoslav markets provides a negative spillover.
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In general terms, considering the results of Tables 5 and 6 Access to the competitive markets of EU-15 and other advanced OECD countries is essential for benefitting from learning-by-exporting as well as learning-by-importing.
In addition, individual absorptive capacity may play an important role in enhancing the firm potential for taking advantages of the trade spillovers that arise due to the trade liberalisation.
Results with system GMM estimation
In this section we provide a robustness check for our results obtained using log first-differences. To control for simultaneity between the inputs and output we estimate a dynamic model by employing the system GMM estimations (as described above) for four countries with longer time series. We again present results for two specifications of the model, i.e. with exports shares only and with both exports and imports shares. Note that we report the most robust results obtained by trying many alternative specifications. All countries, but Romania, do pass the Hansen test a , b and c denote significance at 1%, 5% and 10%, respectively. Foreign=1 if the firm is foreign owned, and 0 otherwise. (shX_) and (shM_) are regional export and imports shares, respectively; (w*sh_) denotes interaction of trade shares with absorptive capacity. Lambda is the so-called inverse Mill's ratio. of over-identification as well as the AR(2) test for serial correlation. For Romania, we tried also alternative specifications of the model with different lag lengths as well as a one-step GMM approach as proposed by Wooldridge (2005) . In each case, we found fairly robust results compared to those of Tables 5 and 6 .
Results in Table 7 basically confirm those obtained by first-differences estimations. In particular, foreign ownership remains a significant determinant of TFP growth in Romania and Slovenia. In Bulgaria and Croatia, we find contrasting results for the foreign ownership estimates. In the first-differences specification, the coefficient was significant at 20 per cent only, now it becomes significant at 1 or 5 per cent, respectively. However, this result does not hold in the specifications where both export and import shares are included.
Unfortunately, positive impact of high export propensity to EU-15 countries is not being preserved for Croatia, Slovenia and Romania. For Romania a positive impact of exports to other OECD countries is still significant, while in Bulgaria and Croatia only firms with higher absorptive capacity benefit from exporting to other advanced OECD markets. In Bulgaria and Romania significant positive impact of high imports from the EU-15 and other OECD countries is still documented.
On the other side, Bulgaria and Romania also show substantial learning effects from importing from markets of ex-Yugoslavia, while these markets tend to generate negative spillovers for Croatian firms.
These differences in estimates between the first-differences and GMM estimators might arise due to poor quality of the data and lack of persistency of datasets. Therefore, GMM estimations are likely to be less efficient because even lagged levels are poor instruments for the model estimated in levels.
Conclusion
In this paper, we attempt to establish a link between two stylized facts of Southeastern European countries: rapid growth and increasing integration in the world economy. We investigate this relationship at the micro level by analyzing the impact of foreign ownership and international trade orientation on firm productivity. We use firm level data matched with bilateral trade flows for 6 SEE countries over the a , b and c denote significance at 1%, 5% and 10%, respectively. Foreign=1 if the firm is foreign owned, and 0 otherwise. (shX_) and (shM_) are regional export and imports shares, respectively; (w*sh_) denotes interaction of trade shares with absorptive capacity. Lambda is the so-called inverse Mill's ratio. period 1994-2002. We find interesting evidence of differential effects of international openness on productivity growth. The effects vary across countries and channels.
First, the results on the impact on foreign firms on TFP growth are quite uniform. Four out of six countries (Bosnia-Herzegovina, Croatia, Romania and Slovenia) experience faster TFP growth of foreign owned firms. In Bulgaria significant differences have been found only in the case of the GMM estimations. Hence, we can conclude that foreign ownership has helped at restructuring local firms and brought about improvements in their TFP at a much faster rate than in the case of purely domestic owned firms.
Second, the results suggest that trade and its direction is an important source of productivity growth in some countries. In Romania and Slovenia, higher propensity to export to advanced markets (EU-15, rest of OECD countries) has a larger impact on TFP growth than exporting to less advanced markets such as new EU member states and countries of former Yugoslavia. In Bulgaria the positive spillovers from exporting to advanced EU-15 markets benefit only firms with higher absorptive capacity, while in Croatia the positive spillovers for firms with higher absorptive capacity stem from the rest of OECD countries, but not from the EU-15 countries.
On the other side, relying on exporting to less competitive markets of ex-Yugoslavia seems to affect negatively the productivity growth of firms in Bulgaria, Croatia and Romania. Similar results are found also for importing links. Importing from the advanced EU and OECD countries is highly important for firms in Romania and Slovenia, while for firms in Bulgaria and Romania importing from countries of former Yugoslavia provides a dominant learning effect. In contrast, for Croatian firms with higher absorptive capacity importing from ex-Yugoslav markets provides a negative spillover. For Macedonia no learning effects from exporting to and importing from individual geographic regions could be found.
Thus, in terms of policy implications, trade liberalisation is not uniformly beneficial. The regional composition of trade flows and absorptive capacity of local firms seem important. Exporting to or importing from more competitive markets is more likely to generate positive learning effects for individual firms, while trade reliance on less competitive markets may generate even negative spillovers. Trade liberali-sation within the SEE region thus may not provide a substitute for a general trade liberalisation in competitive markets. Free access to the more competitive markets of EU-15 and other advanced OECD countries is essential for local firms in the SEE countries to benefit from learning through trade. In addition, individual absorptive capacity may also play an important role in amplifying the learning effects that arise due to the trade liberalisation. 
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